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Abstract: In order to distinguish the spammers efficiently, a classifier based on the behavior characteristics was estab-
lished. By analyzing the previous research, the ratio of followers, total number of blog posts, the number of friends, com-
prehensive quality evaluation and favorites according to latest data set, the Weibo spammers’ identification algorithm was
realized based on Bayesian model and genetic algorithm. The experiment result based on the real-time data of Sina Weibo
verify that the Bayesian model recognition algorithm can ensure spammers recognition accuracy without sacrificing rec-
ognition rate of non-spammers, and the proposed threshold value matrix proposed optimization can significantly improve
recognition accuracy navy.
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